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Abstract:
Throughout the years, information and communication technologies have developed and
increased in importance in society and in people’s lives. To understand the ongoing and
future development, researchers must understand activities, habits, and adoption in a wider
social context. This study aims at capturing the contexts of internet use in Sweden from the
mid-1990s up until 2012. The emergence of users is analysed from the perspectives of sociodemographics, socio-economic status, employment status and social capital. Data were
collected in large-n, representative surveys between 1995 and 2012. On all measure points,
age is undoubtedly the most significant factor explaining take-up of internet use. The
explanatory power weakens somewhat in 2011 and 2012. Gender contributes relative little
to the overall understanding of internet use over time, and was more important in the
beginning of the diffusion process. Among socio-economic factors, social class was rather
important in the early years, but have very little explanatory power from the mid-2000s.
Income does not to any large extent contribute to the understanding of internet take-up at
any time. Educational level is one of the most important factors all over the studied period,
and employment status has been of relatively great importance since the beginning of the
new millennium. Opposite to previous research, social capital contributes only to a small
extent to the understanding of internet use on all measure points. Take-up of internet
technology depends strongly on age, educational level and employment status. It is likely to
assume that diffusion of internet related features and applications will follow the patterns
revealed in this study.
Key words: Internet use, digital divide, large-n survey, diffusion process, technology
acceptance

Page 3

Throughout the years, information and communication technologies have developed and
increased in importance in society and in people’s lives. Media forms are constantly being
invented and reinvented as they are taken up by new people in new contexts and for new
ends.
The internet became available to a wider public in the early 1990s. Just as with many
other media technology, the internet was unevenly spread from the start. There have been
so called digital divides between groups in societies, countries, and regions ever since
(Hargittai and Hinnant, 2008; Moores, 1993; Norris, 2001; Tsatsou, 2011; Winston, 1998).
Digital divide, defined as the gap between people who have and do not have physical access
to technology, has developed to include also differences in skills for using the internet (van
Deursen and van Dijk, 2011). The internet may create a usage gap that has wide implications
for activities in different spheres of daily life. Some activities offer more chances in for
instance career, work, and education than others (van Deursen and van Dijk, 2014). With
the expansion of the internet in several societal sectors, it is reasonable to assume that the
gap between users and non-users becomes increasingly significant over time.
The majority of research in this area demonstrates that there are links between social
exclusion and digital engagement. It seems that groups with limited access to information
tend to be further marginalized when computer and internet skills are becoming more and
more important for personal reasons and for societal involvement (Haddon, 2000; Hargittai
and Hinnant, 2008; van Deursen and van Dijk, 2011; van Dijk, 2005). The direction of
development is dependent on the accumulated past, and to understand the ongoing and
future development, researchers must understand activities, habits, and adoption of the
internet in a wider social and societal context (Allen, 2013; Bouwman and Van Der Duin,
2007; Brügger, 2013). When trying to predict digital exclusion in society, it is important to
develop knowledge about diffusion patterns based on generalizable data on large
populations in the longer term.
The purpose of this study is to capture the contexts of general internet use in Sweden
from the mid-1990s up until 2012. Internet usage, in this context, is defined as frequency of
use, and leaves out, among others, content, length of time and type of activities (van
Deursen and van Dijk, 2014). The emergence of users is analysed from the perspectives of
traditional socio-demographics, socio-economic status, the effects of experiences from
education and work, and people’s social capital. By regression analysis, the driving forces in
the diffusion process are revealed at different times and stages. Representative long-term
survey data allow us to analyse all these perspectives over an 18 years period of time. The
present study uniquely contributes to the overall understanding of the media take-up
process and digital inequalities.

Theory
To adopt internet use now, just as in the mid-1990s, requires appropriate technology. Some
20 years ago, this usually meant a personal computer connecting to the internet via a dial-up
modem. Today, it could mean a personal computer, a tablet, or a smartphone, and the
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internet is accessed via wireless networks, fibre cables, or 4G technology. Access does not
by any means lead automatically to use, it should be seen as a necessary condition. Use is
strongly related to people’s ability to understand how systems work, their confidence and
trust in new systems, the economic and social benefits and costs, and how the innovation
fits into existing cultural norms (Bouwman and Van der Duin, 2007; Livingstone and Helsper,
2007; McCreadie and Rice, 1999; Norris, 2001; Tsatsou, 2011; van Deursen and van Dijk,
2011; Verkasalo et al., 2010).
The innovation-decision process involves “the process through which an individual
passes from gaining initial knowledge of an innovation, to forming an attitude toward the
innovation, to making a decision to adopt or reject, to implementation of the new idea, and
to confirmation of this decision” (Rogers, 2003:168). There are several theories for
understanding why people adopt or reject an innovation such as the internet. The most
commonly used are the diffusion of innovations theory (Rogers, 2003) and the technology
acceptance model (TAM) (Davis, 1989). The unified theory of acceptance and use of
technology (UTAUT) is a comprehensive synthesis of prior technology acceptance research
(Venkatesh et al., 2012).
In TAM, “perceived usefulness” and “perceived ease of use” are considered important
factors which predict intention to use technologies in general (Davis, 1989; Shin, 2011).
These are closely related to “relative advantage” and “complexity” suggested by Rogers
(2003). UTAUT identifies “performance expectancy” (the degree to which using a
technology will provide benefits to consumers in performing certain activities) and “effort
expectancy” (the degree of ease associated with consumers’ use of technology) as two of
four key constructs. All these factors are strongly related to the innovation itself and its
characteristics.
There is often an overemphasis on technology determinism when describing diffusion
of media technology, and a failure to take the influence of current trends and social changes
into account (Bouwman and Van Der Duin, 2007; Winston, 1998). It is evident that
innovations develop and diffuse in a larger social context affected by social factors or
supervening social necessities. Winston argues that the degree of subsequent diffusion
depends more on the operation of such necessities than on efficiency of the innovation and
its prototypes. Acceptance is never straightforward, no matter how much the technology is
‘needed’ (Winston, 1998).
All three models mentioned above take one or more factors, aside for the technology
itself, into account when trying to explain the take-up use of new media technology. Each of
them focuses on partly different characteristics among potential users and the context
surrounding them, and to achieve wider understanding of how new media and media
applications and features are becoming part of people’s life and of society, it is useful to
include all three of them in one analysis.
It is evident that technology acceptance and use is strongly related to sociodemographic factors. Age has been shown to play an important role in the adoption of
innovations like the internet, and younger people are overrepresented among the so-called
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innovators and early adopters (Rogers, 2003). Older people perform more poorly than the
younger generations with regard to operational formal internet skills. In the last few years,
research has shown that young people tend to generate more content than older people,
and are over-represented in uploading music and films or contributing to Wikipedia, as well
as in various kinds of online social communities and in online discussions (Fisch and
Gscheidle, 2008; Lenhart et al., 2007; Davis, 2005).
Furthermore, several studies have proven differences between men’s and women’s
motives for media use and the actual use taking place. The internet in many ways
reproduces gendered behavior as it already exists in society. Traditionally, computer culture
has been perceived as a male culture, attracting no or little interest from women. One
reason for this might be that women are kept from creating it and giving it their own
meaning, and might consider computer culture as structured as male (Gersch, 1998; Turkle,
1995). Considerable gender differences have also been found in the breadth of use, the use
mixture orientation and interest in different content and platforms (Hargittai, 2008; Hargittai
and Malejko, 2008; Fisch and Gscheidle, 2008. See Helsper, 2010 for an overview). It seems,
however, that men and women are equally skilled in handling the internet, navigating the
internet, finding information, and using the internet for achieving personal goals (van
Deursen and van Dijk, 2011).
In addition, different indicators of socio-economic status have proven to influence
internet use. Access to economic resources is one important, but not the only consideration
when talking about material deprivation (Haddon, 2000). There are studies showing effects
of income on, for instance, internet access (Katz and Rice, 2002). People with a higher level
of education are more likely to be among the first groups adopting new technological
innovations (Rogers, 2003). Social outcomes such as higher status in the community or
being unique in the group may be important additional drivers of IT use (Venkatesh et al.,
2012). General creative activity on the internet also seems to be strongly connected to
users’ socio-economic status (Hargittai and Malejko, 2008).
Social norms represent a factor that is assumed to have direct impact on perceived
usefulness and is considered one of the core concepts in TAM models. People’s perceptions
of the usefulness of a service or a technology might increase in response to persuasive social
information, the degree to which individuals have the impression that important others
believe they should use a new system (Verkasalo et al., 2010). Users are driven to adopt an
application primarily because of the functions it performs for them, and secondarily for how
easy or hard it is to get the system to perform those functions. Users are often willing to
cope with some difficulty of use in a system that provides critically-needed functionality
(Davis, 1989). The UTAUT model also points out the importance of social influence and the
extent to which people perceive that family and friends believe they should use a particular
technology. Important others can also provide support necessary to perform a behavior
(Venkatesh et al., 2012).
There are studies pointing to a so called “bandwagon effect”, meaning that people will
adopt the internet simply because other people have adopted it (Rogers, 2003; Zhou, 2008).
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Such findings point to the impact of socializing on internet use. Media use is embedded in
different aspects of social life, and it is important to study media use within this framework
(Hartmann, 2009; Zhou, 2008). There is evidence of a strong relation between people’s use
of media techniques and their social relations. People exposed to media technologies in
their close surroundings are more likely to adopt the techniques (Haddon, 2000). People
included in social networks tend to learn faster by helping each other and providing support
in using the techniques. The same goes for adults living in households with children: adults
tend to be more likely to adopt technology and be more competent because children pass
on knowledge to their parents (Hargittai, 2004). People who have access to social support
when using the internet also show a higher level of internet skills than people who do not
(van Deursen and van Dijk, 2011).
Social life has a number of dimensions. One includes private relations with family and
friends. However, social life refers not only to the home, which was studied extensively in
early research on computer use, but also to communications and relations with wider
networks. In general, many people first encounter new information and communication
technologies in contexts outside the home, which opens up the topic of looking at the role of
the workplace in the adoption of new technologies (Haddon, 2006). In other words, it is in
such workplace situations that people learn not only how to use new technologies, but also
under what conditions and how they can be useful (Haddon, 2000).
In the mid-1990s it was common for organizations to inspire or even force their
employees to adopt the internet at work as a part of modernization processes and societal
growth. It is evident in international research that organizations have played an important
role in the diffusion process (Rogers, 2003; Zhou, 2008). Universities in Western societies
were early in adopting internet technology, and people with a higher level of education were
exposed earlier to the internet compared to people with an educational level below average
(Hargittai, 2004). Previous research also points to the fact that the perceived importance of
the internet influences use (Papacharissi and Rubin, 2000). It is likely that it was easier to
recognize the importance of the new technology at workplaces and in higher education in
the 1990s since the household usage of personal computers was low.
Earlier, there were great differences in internet access between workplaces,
particularly when comparing white-collar workers and blue-collar workers (Norris, 2001;
Hargittai and Hinnant, 2008). These differences of course diminish as the diffusion process
proceeds, but it is still evident that some places of work and some professions and
occupations are more intense in computer and internet use than others.
Media technology diffusion and the increase of the internet are affected by both
individual and social factors, and by factors where individual characteristics and the
surrounding society are intertwined. Internet diffusion could be seen as a process of
different technological, individual, and societal forces melding together. Based on the
presented theories and previous research, it is reasonable to hypothesize that external
factors such as workplace, employment status and higher education experience had greater
impact on the take-up of internet early in the diffusion process. With a more computerized
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society, the technology has become domesticated (Haddon, 2006). It is further reasonable
to assume that private social life might be more evenly important over time. As long as
services and applications continuously develop, there will always be a social pressure to
adopt the technology more generally in order to enjoy specific features. Individual factors
might play different roles at different times. Age and gender inequalities are likely to
decrease as the process develops. The significance of physical resources such as income
usually diminishes over time as prices fall. But within the internet sector, new models of
computers, tablets and smartphones along with software applications are constantly
presented, which might make personal finance constantly significant. Socio-economic
resources are always of great importance when analysing inequalities and gaps related to
media and information technology. Since the study, however, focuses on general use only, it
is reasonable that social class and level of education better explain the take-up early in the
diffusion process. The present study, based on representative, large-n surveys, contributes
to the understanding of demographics, socio-economic resources, employment status and
social factors as driving forces in the diffusion process of the internet.

Method and data collection
Internet use in the Swedish population was captured in a quantitative survey with a
representative sample of the Swedish population between 16 and 85 years old. The study is
based on data collected in the Swedish national Society, Opinion, Media (SOM) surveys
conducted as an annual mail survey since 1986. Each year between 3,000 and 12,000
persons aged 16 to 85 and living in Sweden have received the SOM survey. The surveys from
1995 to 2012 are included in the analysis. The survey design has altered somewhat across
the years. Between 1995 and 1997, the sample was 2,800 persons aged 15 to 80 years. In
1998 and 1999, the sample was 5,600 persons in the same ages. From 2000 to 2008, the
sample was 6,000 persons aged 15 to 85 years. In 2009-2011, 9,000 persons aged 16 to 85
years were included in the sample, which was expanded to 12,000 persons in the 2012
survey (see Vernersdotter, 2013 for details in research design).
The average net response rate from 1995 to 2012 is 63 per cent. The highest response
rate was found in the 1996 and 1997 surveys (69 per cent) and the lowest in 2011 and 2012
(57 per cent). The respondents are divided in almost the same way as the Swedish
population in terms of gender, social class, and level of education. Older people are,
however, overrepresented since the response rate in the youngest groups is below average.
This means that there might be some underestimation of habits strongly related to younger
people, such as internet use (Vernersdotter, 2013). Analysis with weighted data indicates
that this might be a few percentage shares (Markstedt, 2012). As with other statistical
surveys, this one gives a general picture of the development of internet use. The
methodological choices, however, cannot give more in-depth information about why
internet use is taken up by people.
The average questionnaire consists of approximately 20 pages and 80-90 questions,
most of them with fixed answer options. There are several editions with a somewhat
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different focus. The dependent variable analysed in this study – internet use – was posed as
a single question: “How often during the last 12 months have you used the internet?”
Between 1995 and 2007 a seven-grade scale was used: Never, Once during the last 12
months, Once during the last 6 months, Sometime in the quarter, Once a month, Once a
week and Several times a week . In the 2008 survey, the option Daily was added. To get
comparable data across the period, Several times a week and Daily are merged in the
dataset. The question on internet use was posed in all questionnaire editions in the survey.
The number of editions has, however, varied over the years, which is why the number of
respondents also varies.
The independent variables are captured in several different survey questions. Sociodemographics such as gender and age (year of birth) are integrated with the dataset from
public registers. Socio-economic status is measured by questions about household income,
educational level and subjective social class on household level. Income was measured in 12
categories and then trichotomized into equal groups on the basis of national statistics on
income in Swedish households. Education was measured in eight categories, then divided
into three groups: low, medium and high educational levels. Social class is captured by a
subjective measurement where two categories are used in the analysis: blue-collar workers
and white-collar workers. With the education variable, university affiliation is also captured.
Employment status was measured in four categories: retired, unemployed, student and
employed. Social capital is measured by variables of household composition and frequency
of socialising with friends.

Findings
The aim of this analysis is to reveal what factors have influenced the usage of internet
technology over an 18-year period from 1995 to 2012. To draw an overall picture,
frequencies over the years are presented in Table 1. It is evident that there has been a
rather fast development from two percent frequent (several times a week or daily) users to
77 percent in 2012. By the year 2000, the number of frequent users exceeded the nonusers. It is also evident that internet use has turned into something people either do or do
not do in that the number of sporadic users, which peaked in 2002, has declined to only a
few percent in 2012.
Previous research has clearly pointed out the importance of different single factors
affecting the take-up of the internet. Socio-demographics such as age (Rogers, 2003; van
Deursen and van Dijk, 2011), gender (Hargittai, 2008; Helsper, 2010; Turkle, 1995), and
socio-economic resources like income (Haddon, 2000), social status (Hargittai and Malejko,
2008; Norris, 2001; Venkatesh, et al., 2012) and education (Rogers, 2003) have proven to
play central roles. Workplace (Haddon, 2000; Rogers, 2003; Zhou, 2008) and university
affiliation (Hargittai, 2004; Rogers, 2003; van Deursen and van Dijk, 2014) have positively
affected willingness to use of the internet. Finally, users’ social context might influence
whether or not use is taking place (Haddon, 2000; van Deursen and van Dijk, 2011). It is rare
for studies on representative samples to include all these dimensions. This study contributes
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to the field of diffusion and technology acceptance by providing the possibility to include all
of them in representative surveys over a period of 18 years.
Table 1: Frequency of internet use in the Swedish population, 1995-2012 (percent)

Never

1995
1996
1997
1998
1999
2000
2001
2002
2003
2004
2005
2006
2007
2008
2009
2010
2011
2012

90
79
64
49
40
37
33
30
28
28
25
23
23
20
19
17
17
16

Once the
last 12
months
3
4
5
4
4
3
3
3
1
2
2
1
1
1
1
1
1
0

Once the
last 6
months
quarterly/
monthly
3
7
12
13
14
11
11
12
10
8
9
7
5
5
3
3
3
2

Once a week

2
4
7
12
13
13
13
14
13
12
14
11
11
7
5
6
6
5

Several
times a
week/daily
2
5
12
22
29
36
41
41
48
51
51
57
60
67
72
74
74
77

n=

1,777
1,779
1,754
3,561
3,503
3,546
3,638
3,609
3,675
3,612
3,499
3,336
3,435
3,259
4,926
5,007
4,720
6,289

Research on knowledge gaps and digital divides has shown that many factors interrelate
when identifying both information-rich and information-poor, or users and non-users. To
reveal how the independent variables chosen for the analysis affect internet use, taking into
account all factors, a linear regression analysis was conducted for each year except for 1995.
A couple of independent variables were not available this year, and the 1995 data therefore
are not fully comparable. The value of the chosen model varies from year to year, and the
overall explanatory power was strongest between 2002 and 2007, and weakest in the
beginning and at the end of the period. In 2006 and 2007, the highest adjusted R2 is found:
0.48. Many Beta values in Table 2 are significant, pointing to the fact that sociodemographic factors, socio-economic background, work and study settings and social capital
altogether constitute a relevant context for understanding the development of internet use.
The analysis that follows focuses on determining what factors that had great importance at
different times.
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Age is the most significant factor of explanation for internet use throughout the whole
period. Among the analysed factors, age has the highest Beta value over the years, varying
between 0.48 and 0.20. The impact of age is weaker in the beginning of the diffusion
process, which is in line with Rogers’ (2003) description of so-called innovators. They are not
necessarily as young as the group to follow: the early adopters.
In 1996, gender, social class and education were also strong predictors of internet use.
Men, white-collar workers and the highly educated were more frequent internet users than
women, blue-collar workers and people with an educational level below average. Over the
years, the importance of gender reduces, both in actual numbers and in relation to age. In
2012, the impact of gender on general internet use was very small, but still significant.
As already mentioned above, household income was found to have some impact in the
media technology diffusion process. In comparison to for instance age or gender, the
present analysis points to a rather small value of income explaining the take-up of internet
use. Significant correlations are found in the regression models from 1998 onwards. The
significant Beta values vary between 0.07 and 0.13 and there is no clear peak over the years.
The results are in line with recent findings of van Deursen and van Dijk (2014), who conclude
that income proved to be less relevant than expected.
Another socio-economic measure already mentioned is class, which in the conducted
surveys is a self-classification of family class in the household. Differences due to social class
are statistically significant over the whole period. Internet use is more widely spread among
people in white-collar households than among those in blue-collar households. Social class
as explanatory factor of internet take-up plays its most important role between 1997 and
1999, then decreases in significance and is found to be of low, but still significant impact in
2012.
Level of education is included in the study for two purposes. The first one regards the
relation between education and socio-economic status, the second one is about university
affiliation as an arena for internet intense settings. The importance of education is
significant, rather strong and fairly steady over the years studied. It is the second most
important factor after age at most of the measurement points. The impact of education is
weaker in the mid-1990s, and strongest in 2006 and 2007. Contrary to what is found in
other studies (Hargittai, 2004; Rogers, 2003), the importance of education is less at the
beginning of the diffusion process. There is reason to believe that people with a higher level
of education have more computer-intense jobs than people with an education below
average, and the findings indicate that this might have been reinforced over the years.
Together with university affiliation measured by level of education, employment status
contributes to the understanding of external social factors in the diffusion process. It is
evident, in Table 2,1 that employment status has become increasingly important over time.
Those employed especially, but also students, are far more likely to be frequent internet
users than unemployed and retired persons. In the late 1990s, this had no significant impact
on the take-up of internet, whereas it turned out to be one of the most important factors,
aside from age, from the mid-2000s onwards. As more and more jobs are being
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computerized, one might assume that employment would lose in explanatory power. The
findings seem, however, to point to a segregated labour, which in turn could actually widen
the existing gaps.
The last part of the analysis tests the explanatory power of social capital measured by
household composition and socializing with friends. Previous research has found strong
relations between use of media technology and people’s social habits. For example, those
included in social networks with family and friends have an advantage in that they are
surrounded by support in using technology to a larger extent than more isolated persons
(Haddon, 2000; Hargittai, 2004; van Deursen and van Dijk, 2011).
Results from international research are confirmed only to some extent in this study.
Household composition has had weak significant impact on the take-up of internet from the
mid-2000s. It is actually the weakest factor in the model, and sharing household with other
persons – adults and/or children – proves to be of less importance than socio-demographic
factors or external factors such as employment status and education. It seems that friends
are more important than family on this matter. Significant correlations are found for
socializing with friends on most of the measure points in the study. These are also weak –
on about the same explanatory level as household income – and become weaker at the end
of the period. People with a frequent social life have, over the years, been more likely to
take up internet use than people who less frequently socialize with friends. The presented
findings provide weak evidence for the bandwagon effect (Zhou, 2008) at the beginning of
the diffusion process, while social capital seem to be of greater importance, the more
people who are getting online.

Conclusions and discussion
The share of regular internet users has increased from year to year since the mid-1990s,
when the internet was made available to a larger Swedish public. The graph gradient has
been more or less steep at single measure points, which was expected against the
background of technical availability – broadband, portable laptops, and smartphones – and
the continuously ongoing development of content and services on the internet.
Throughout the years, several studies have pointed to different explanatory factors
when trying to capture the diffusion of internet and digital inequalities. Sociodemographics, socio-economic status, employment status and university affiliation and
social capital have all proven to be of varying importance at different times and in different
situations. This study incorporated all the mentioned dimensions in a long-term,
representative study to reveal which, at different times, best explained the take-up of
internet use. From this study, it is evident that all other factors studied are subordinate to
age. Age is the single most important factor explaining many media habits in society, and it
seems that the explanatory value of age is particularly high when studying internet use.
At the last measured point presented, 2012, educational level and employment
position have almost equal importance with age. Since these two factors have proven to be
strong predictors of internet use for quite some time now, future initiatives to counteract
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digital exclusion will continuously face challenges in these particular groups. It is likely that
the patterns revealed here will be repeated in the diffusion processes surrounding future
media, platforms, and applications appearing on the market.
The findings indicate that the concept of ‘internet use’ is changing over time. As the
age factor continues to be the most important in explaining use, it is reasonable to assume
that the scope of use is extending and transforming its significance for the respondents over
time. The social profile of internet users will change with time, as it has for radio and
television. Normalization is taking place. But also with shrinking gaps, it is likely that people
with a longer acclimatization have an advantage when talking about internet skills, and by
extension, internet use. Further, it is a well-known fact that people are more formative in
the early stages of life (Corsten, 1999), which would make those who have grown up with
internet technology more advanced and qualified users. More in-depth studies of motives
and areas of use would probably reveal significant cohort differences, like those found for
other media activities as for instance news consumption practices (Wadbring and
Bergström, 2014).
The data presented do not take into consideration the development of the internet
and internet technology. The internet known to us today differs radically from the one
which we knew only some 10 years ago (Meikle and Young, 2012). Hardware and software
development most certainly affect the adoption pace. Browsers, search engines and
ongoing changes and improvements of web services could be thought of as driving forces in
the context of use. It is beyond the scope of this study to include internet development in
the analysis, but it is likely to assume that the importance of age for frequency of use could
be related to the development of internet services and applications. The diffusion process
in a way starts all over again with new features launched.
Verkasalo et al. (2010) argue that one should specifically address individual services
when studying adaption of technologies or services. It is common in for instance the TAM
model to treat services as generic concepts, which is also the case for internet use in the
present study. The findings do not reveal how characteristics in different devices or
applications affect the will to adopt technology or the pace of diffusion.
Digital skills, as opposed to social skills, have proven to be important in relation to
online communication and social interaction (Helsper and Eynon, 2013). Digital skills are
not taken into consideration in this study and can only be traced indirectly via workplace
and university experiences and social habits. Related to the ambition of this general
overview is also the question of societal implications, such as participation in online politics,
journalism, and other areas. Participating is not just about what technologies we possess or
use, but also the extent to which we can fulfil various social roles and seize our social rights
and citizenship (Haddon, 2000). General internet use does not give the whole picture of
how people engage in different societal matters; it can only be understood as a basic
condition for potential participation. But since the conducted analysis clearly has pointed
out a few factors of great importance in the diffusion process, the general usage patterns
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will likely have implications for what people adopt from existing and future internet content
and services.

Biographical note:
Annika Bergström holds a PhD in Journalism and Mass Communication (2005) and is
Associate Professor of Media and Communication Studies at the Department of Journalism,
Media and Communication (JMG), University of Gothenburg. Bergström’s research focuses
on audience development and audience participation in online contexts with specific
emphasize on the journalistic and political fields. Contact: annika.bergstrom@jmg.gu.se.

References
Allen, Matthew. “What Was Web 2.0? Versions as the Dominant Mode of Internet History.” New
Media & Society. 15, 2, pp.260-75, 2013.
Bouwman, Harry and Patrick Van Der Duin. “Futures Research, Communication and the Use of
Information and Communication Technology in Households in 2010: A Reassessment.” New
Media & Society. 9, 3, pp.379-99, 2007.
Brügger, Niels. “Web Histography and Internet Studies: Challenges and Perspectives.” New Media &
Society. 15, 5, pp.752-64, 2013.
Corsten, Michael. “The Time of Generations.” Time and Society. 8, 2, pp.249-72, 1999.
Davis, Fred. “Perceived Usefulness, Perceived Ease of Use, and User Acceptance of Information
Technology.” MIS Quarterly. 13, 3, pp.319-40, 1989.
Davis, Richard. Politics Online; Blogs, Chatrooms and Discussion Groups in American Democracy.
New York and London: Routledge, 2005.
Fisch, Martin and Christoph Gscheidle. “Mitmachnetz Web 2.0: Rege Beteiligung nur in
Communitys.” Media Perspektiven, 7, pp.356-64.
Gersch, Beate. “Gender at the Crossroads: The Internet as a Cultural Text.” Journal of
Communication Inquiry, 22, 3, pp.306-21, 1998.
Haddon, Leslie. “Social Exclusion and Information and Communication Technologies: Lessons from
Studies of Single Parents and the Young Elderly.” New Media & Society. 2, 4, pp.387-406,
2000.
Haddon, Leslie. “The Contribution of Domestication Research to In-Home Computing and Media
Consumption.” The Information Society: An International Journal. 22, 4, pp.195-203, 2006.
Hargittai, Eszter. “Informed Web Surfing: The Social Context of User Sophistication.” Ed. Philip N.
Howard and Steve Jones., Society Online: The Internet in Context. Thousand Oaks, London,
and New Delhi: Sage Publications, 2004.
Hargittai, Eszter. “Whose Space? Differences Among Users and Non-users of Social Network Sites.”
Journal of Computer-Mediated Communication. 13, 1, pp.276-97, 2008.
Hargittai, Eszter and Amanda Hinnant. “Digital Inequality: Differences in Young Adults’ Use of the
Internet.” Communication Research. 35, 5, pp.602–21, 2008.
Hargittai, Eszter and Gina Malejko. “The Participation Divide: Content Creation and Sharing in the
Digital Age.” Information, Communication & Society, 11, 2, pp.239-56, 2008.
Hartmann, Maren. “The Changing Urban Landscapes of Media Consumption and Production.”
European Journal of Communication. 24, 4, 421-36, 2009.
Page 16

Volume 12, Issue 1
May 2015
Helsper, Ellen. “Gendered Internet Use Across Generations and Life Stages.” Communication
Research. 37, 3, pp.352-74, 2010.
Helsper, Ellen and Rebecca Eynon. “Pathways to Digital Literacy and Engagement.” European Journal
of Communication. 28, 6, pp.696-713, 2013.
Katz, James E. and Ronald E. Rice. Social Consequences for Internet Use: Access, Involvement, and
Interaction: Cambridge, MA: MIT Press.¨
Lenhart, Amanda, Mary Madden, Alexandra Macgill and Aaron Smith. “Teens and social media.”
Pew Internet & American Life Project. URL
www.pewinternet.org/pdfs/PIP_Teens_Social_Media_Final.pdf [visited 24/11/09].
Livingstone, Sonia and Ellen Helsper. “Gradiations in Digital Inclusion: Children, Young People and
the Digital Divide.” New Media and Society. 9, 4, pp.671–96, 2007.
Markstedt, Elias. “Representativitet och viktning. Riks-SOM som spegel av det svenska samhället
1986-2011.” SOM report 2012:30. Gothenburg: The SOM Institutet, University of Gothenburg,
2012.
McCreadie, Maureen and Rice, Ronald E. “Trends in Analyzing Access to Information, Part I:
Crossdisciplinary Conceptions of Access.” Information Processing and Management. 35, 1,
pp.45-76, 1999.
Meikle, Graham and Sherman Young. Media Convergence. Networked Digital Media in Everyday
Life. Houndmills: Pallgrave McMillan, 2012.
Moores, Shaun. Interpreting the Audiences: The Ethnography of Media Consumption. London: Sage
Publications, 1993.
Norris, Pippa. Digital Divide: Civic Engagement, Information Poverty and the Internet Worldwide.
Cambridge: Cambridge University Press, 2001.
Papacharissi, Zizi and Alan M. Rubin. “Predictors of Internet Use.” Journal of Broadcasting &
Electronic Media. 44, 2, pp.175-96, 2000.
Rogers, Everett M. Diffusion of Innovations. New York: The Free Press, 2003.
Shin, Dong-Hee. “Understanding E-book Users: Uses and Gratification Expectancy Model.” New
Media & Society. 13, 2, pp.260–78, 2011.
Tsatsou, Panayiota. Digital Divides in Europe: Culture, Politics and the Western-Southern Divide.
Bern: Peter Lang, 2011.
Turkle, Sherry. Life on the Screen: Identity in the Age of the Internet. New York: Simon and Schuster,
1995.
van Deursen, Alexander and Jan van Dijk. “Internet Skills and the Digital Divide.” New Media &
Society. 13, 6, pp.893-911, 2011.
van Deursen, Alexander and Jan van Dijk. “The digital divide shifts to differences in usage.” New
Media & Society. 16, 3, pp.507-526, 2014.
Van Dijk Jan. The Deepening Divide: Inequality in the Information Society. London: Sage
Publications, 2005.
Venkatesh, Viswanath, Thong, James Y. L. and Xu, Xin. “Consumer Acceptance and Use of
Information Technology: Extending the Unified Theory of Acceptance and Use of Technology.”
MIS Quarterly. 36, 1, pp.157-78, 2012.
Verkasalo, Hannu, Carolina López-Nicolás, Francisco H. Molina-Castillo and Harry Bouwman.
“Analysis of Users and Non-users of Smartphone Applications.” Telematics and Informatics.
27, 3, pp.242-55, 2010
Page 17

Volume 12, Issue 1
May 2015
Vernersdotter, Frida. “Den nationella SOM-undersökningen 2012.” Eds., Lennart Weibull, Henrik
Oscarsson, and Annika Bergström. Vägskäl. (Report no. 59). Gothenburg: The SOM Institute,
University of Gothenburg, 2012.
Wadbring, Ingela and Annika Bergström. ”A print crises or a local crises?” Paper presented at the
conference Local journalism around the world: Professional practices, economic foundations,
and political implications, Oxford, UK, 26-28 February, 2014.
Zhou, Yuqiong. “Voluntary Adopters versus Forced Adopters: Integrating the Diffusion of Innovation
Theory and the Technology Acceptance Model to Study Intra-organizational Adoption.” New
Media & Society. 10, 3, pp.475-96, 2008.

Note:
1

The question for the dependent variable was posed: How often during the last 12 months have you
used the internet? A seven-point scale was used: Several times a week, Once a week, Once a month,
Sometime in the quarter, Once during the last 6 months, Once during the last 12 months, Never.
Independent variables:
Gender: dichotomous, women (1), men (2)
Age: continuous.
Social class: blue-collar worker (1), white-collar worker (2).
Educational level: low (1), middle (2), high (3).
Employment status: retired (1), unemployed (2), student (3), employed (4).
Household composition: single (1), household with other adults/children (2).
Social capital: How often during the last 12 months have you hanged out with friends? A sevengrade scale was used: Never (1), Once during the last 12 months, Sometime in the quarter, Once a
month, Once a week, Several times a week (7).
*p<0,05, **p<0,01, ***p<0,001.
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